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An Optimization Technique by Chaotic Dynamics

Tsuyoshi MIKAMI

Abstract

This paper proposed the new optimization technique by chaotic dynamics. In recent years, there
have been proposed many optimization techniques by using probabilistic search dynamics, such as
Genetic Algorithms, Simulated Annealing and so on. However, these methods are not always sufficient
as an optimization technique because their behaviors are stable at the local optimum. In order to settle
such problems, I focused on a chaotic behavior and the function enhancing by Monte Carlo Method.
The chaotic behavior has a property of escaping from the local optimum and the function enhancing
indicates an optimal region in advance. So, I construct the hybrid method for global optimization, which
is searching a solution by chaotic dynamics and converging into global optimum specified by the func-

tion enhancing.
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